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Abstract 
This paper analyses a company’s overall exposure 

to patent infringement actions. While companies 
currently assess their risk mainly by evaluating the 
strength of their portfolio in certain key class codes, 
often referred to as heat-mapping, this paper advocates 
an approach that considers a statistical perspective to 
patent infringement litigation outcome. The rationale 
behind this work is that, on an aggregate basis, litiga-
tion outcome encapsulates all the factors that affect 
the exposure of an entity. In order to characterize this 
exposure we have attempted to develop some metrics 
around the size of the company–expressed in annual 
revenue. Largely based on this determination, a web 
application has been developed to allow users to de-
termine several key characteristics of risk by entering 
basic company information. This paper explains the 
assumptions, determinations and applications of this 
analysis and is focused mainly on patent litigation oc-
curring within the software industry.
Introduction 

hile patent infringement is a familiar con-
cern across the software industry, until 
now it has been difficult to reduce the 

complexities of litigation exposure down to an easily 
understandable set of figures. Some companies have 
incorporated patent filing and licensing into their core 
business strategy. IBM is listed in the PTO database 
as the assignee of more than 40,000 issued U.S. pat-
ents, with a filing rate approaching 5,000 patents per 
year. While many of these inventions may not lend 
themselves to traditional commercial exploitation, 
these companies realize that patents are assets in and 
of themselves. IBM, Samsung and Microsoft have all 
become well known for their aggressive approach to 
patent filing. Other companies have taken a drastically 
different approach. Facebook, for example, despite 
being one of the pioneers in the realm of Social Net-
working, is currently the assignee of only two U.S. 
patents. Although such companies are situated quite 
differently with regards to IP portfolio, they both face 
similar threats from litigious patent holders looking 
to capitalize on the potential value of their assets.

Today, more patents are filed than ever before 
and predictably, this has gone hand-in-hand with 
patent litigation increasing at a proportional rate. 

Companies are forced to recognize the dangers of 
an unanticipated law suit (or suits) from claimants 
ranging from well-known industry rivals to obscure 
holding companies potentially leading to millions 
of dollars in liability. While many companies tend 
to settle infringement actions rather than risk a 
catastrophic award from an unpredictable group of 
jurors, negotiated settlements frequently reach tens 
or even hundreds of millions of dollars. It is neces-
sary then for companies to be able to anticipate and 
quantify their risk of infringement so they may plan 
for the worst while at the same time shoring up their 
asset portfolio to mitigate overall risk. This may be 
accomplished through assignments, licensing or an 
increased effort to file patents concurrently or in an-
ticipation of future research and development efforts.

Currently, a company will typically estimate their 
litigation exposure based on the size and quality 
of their IP assets. Alison et al finds that a patent’s 
potential for monetization through litigation can be 
determined by examining a number of character-
istics, including the number of claims, the rate of 
forward citations, the number of prior art citations, 
and the number of continuations filed. A company 
may use these factors to determine the value of their 
portfolio among the various class codes. The result, 
often referred to as a gap analysis, can be compared 
to the portfolio of other players in the industry to 
determine areas of strength and weakness. If a com-
pany’s coverage is weak within an important class 
code when compared to their competition, they are 
indeed vulnerable to threats of patent infringement. 
Additionally, if a company’s portfolio is concentrated 
in one key area, they may leave themselves open to 
threats of litigation involving ancillary technologies 
that were not considered during strategic planning 
of the company’s IP. Evaluating a company’s portfolio 
this way may help a to determine areas of weakness, 
however, it offers little insight into the actual likeli-
hood of litigation or the resulting damages and costs. 

Other factors identified to increase a company’s 
exposure to patent litigation include growth rate 
and media coverage. A company that is experiencing 
a period of positive economic growth is more attrac-
tive as a litigation target simply due to the positive 
media attention. Similarly, while a company whose 
innovations become topics of media interest may ex-
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perience the positive effects of public adoration, or at 
least awareness, their technology is now on the radar 
of litigious patent holders looking for an attractive 
defendant. Unfortunately, measuring media coverage 
and public awareness are difficult to quantify and 
by themselves, don’t readily lend themselves to an 
infringement risk analysis. 

Rather than focusing on the patent coverage of 
individual companies, this paper advocates a solu-
tion which considers an in-depth statistical analysis 
of patent litigation from the past 10 years. Although 
the size of company’s patent portfolio is an important 
factor in determining its vulnerability to claims of 
patent infringement, the statistics of recent litigation 
reveal that the size of the company itself is often more 
telling. The larger the company, in general, the more 
likely they are to face threats of litigation. This is es-
pecially true in the case of patent infringement suits. 
Another key factor identified in calculating litigation 
risk is the recent litigation history of the company. If 
a company has faced several patent infringement suits 
over the past 30 months, it is likely that the company 
has been identified as especially vulnerable to law 
suits, and is therefore attractive to patent holders 
looking to assert their rights. Once there is blood in 
the water, more suits are likely to follow. 
Exposure Assessment Methodology

This section describes our efforts to estimate the 
probability of a patent infringement action occurring. 
For purposes of our analysis, all infringement actions 
were assumed to begin with an assertion by the pat-
entee. This assertion led to two possible outcomes. 
In the first outcome, the two parties successfully 
negotiate a settlement payment or ongoing licensing 
deal, avoiding any further court actions (1-p1). The 
other possible outcome is an answer by the alleged 

infringer which substantially denies the claims of 
infringement by the patentee (p1). From here, the 
process of litigation winds through various proceed-
ings such discovery, expert testimony and oral argu-
ments. Based on the outcome of these proceedings, 
one party may obtain 
clear advantage over 
the other. For example, 
if during discover a key 
piece of prior art is pro-
duced which places seri-
ous doubt on the validity 
of the asserted claims, 
the patentee will happily 
settle rather than risk a 
judgment of invalidity 
preventing the claims 
from any future asser-
tion. If one party obtains 
a clear advantage dur-
ing these proceedings, 
the parties are likely to 
agree to a settlement 
and voluntarily dismiss 
the case (p2). Where 
the parties are situated 
on an even playing field 
moving forward, or both 
sides believe they hold 
the advantage, ongoing 
litigation may be un-
avoidable (1-p2).

The Markman hearing is considered the pivotal 
event in the majority of patent infringement cases. 
During the hearing, both sides argue their interpreta-
tion of the asserted claims. The patentee is seeking 

a broad, amorphous reading 
of the claim terms, while the 
accused infringer argues for 
a narrow, specific reading 
that does not include their 
allegedly infringing activi-
ties. Again, depending on the 
outcome of this hearing, that 
is, how the judge defines 
the claim terms in light of 
the parties’ arguments, the 
relative positions of the par-
ties may change dramatically 
leading to another opportu-
nity for the parties to settle 
the matter out of court (p3). 
If the parties are still unable 
to meet on agreeable terms, 

Figure 1. Litigation Tree With Possible Outcome 
And Respective Payoffs

Assertion

No Litigation

Litigate

Litigate

Settle (pre markman)

Lose

Win

Judge verdict

Jury trial

Settle

p2

p1
p3

p’3

(1-p3-p’3)

(1-p2)

(1-p1)

2/3

1/3

X1 0

X1 X2

$0 X3

Y1 X3

Y2 X3

$0 0



les Nouvelles336

Patent Infringement

the case will proceed to a final adjudication on the 
merits. From here, we assume two outcomes: either 
the plaintiff wins and the court enters judgment in 
their favor, along with damages and sometimes costs 
(p’3), or the plaintiff fails to satisfy his burden of proof 
or the claims are found invalid (1-p3-p’3).

Recent research by Kamprath and Kesan indicates 
that between 80 and 85 percent of patent infringe-
ment actions are voluntarily dismissed before final 
adjudication, while about 10 percent reach a decision 
on the merits. However, because a voluntary dismissal 
by the Plaintiff does not necessarily indicate a settle-
ment agreement between the parties, we elected to 
use the more conservative estimate of 80 percent. In 
our litigation tree, this data is represented by p2, the 
probability of a settlement before the Markman hear-
ing, being equal to 50 percent, and p3, the probability 
of settlement subsequent to the Markman hearing 
equaling 30 percent. Adding these two probabilities 
together yields an 80 percent chance of litigation 
ending in a settlement. Cases that do reach a final 
decision are split down the middle, having an equal 
chance of a verdict or decision for the plaintiff or 
defendant. This data is reflected in the litigation tree, 
where p`3 and 1-p3-p`3 both equaling 10 percent. 
We are therefore working under the assumption that 
all cases either settle or are finally adjudicated. While 
this is does not completely reflect reality, where many 
cases are transferred or dismissed on various grounds, 
for our purposes these possibilities were ignored due 
to the fact that they largely lead to subsequent litiga-
tion in a different forum. 

Another assumption made was that 50 percent of 
settlements were assumed to settle before litigation 
began. Therefore, p1 and 1-p1 are necessarily both 
equal to 50 percent. Additionally, for determining 
litigation costs, cases are divided among cases that 
settle before the Marksman hearing and cases that 

settle after. Of cases that settle during litigation, 63 
percent were assumed to settle before the Markman 
hearing (p2), and 37 percent were assumed to settle 
after the Markman hearing (p3). Finally, it has been 
determined in a 2009 Patent litigation study that 
66 percent of patent infringement cases are tried 
before a jury, and the remaining 33 percent of cases 
are heard by a judge. 

Applying this data to the litigation tree, the follow-
ing formula was developed, where SR, JR, and LCR are 
equal to the estimated settlement (X1), judgment 
(Y1) and litigation cost amounts determined by 
revenue:

Data Mining
The data gathered for this project was mined 

mainly from publicly available sources. While some 
sensitive information may be redacted upon request 
and court approval, nearly all documents filed in 
support of a patent infringement action are publicly 
available on the government-hosted website PACER 
(Public Access to Court Electronic Records). Within 
PACER, cases were filtered to include only civil cases 
filed within the past ten years with a nature-of-suite 
(NOS) listing of 830. This code is exclusively used 
for patent infringement actions. Based on the result 
from this search, a list of case titles was downloaded 
and examined for suits involving only defendants 
within the software industry. This process resulted 
in 91 judgment awards against software companies 
in patent infringement rulings.

While judgment information is largely available from 
public court records, settlement data is largely un-
disclosed to the public. Companies tend to withhold 
settlement terms in order to maintain their advanta-
geous bargaining position in future licensing efforts. 
For our purposes, this tends to make settlement data 
much more difficult to come by then judgment data. 
Even when settlement figures are disclosed, they are 
rarely contained in court documents. Instead, data 
was gathered from various online sources such as 

Table 1. Litigation Tree Variables

P
i

Probability of event

X1
Average Settlement. It is a function of the 
company size and the damage size

X2 is 1/3 to 1/2 of the litigation costs X3

X3
Litigation costs. Vary depending on the size of 
the damage size

Y1
Average Judgment of a Jury Trial. Depends on 
the company size and the damage size

Y2
Average verdict awarded by a Judge. Depends 
on the company size and the damage size

Table 2. Calculating Estimated Risk

0.8S
R
 + .1J

R
 + .35LC

R

Table 3. Judgment Data

Number of 
Data Points Mean Median Minimum Maximum

91 82.20 20.38 .184 1500
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Google, Law360, Westlaw and SEC EDGAR simply by 
searching for keywords, such as ‘settlement’, ‘patent 
infringement’ and ‘software’. This method yielded 82 
settlement figures resulting from software related 
patent infringement actions. 

The challenge at hand is that the settlement data 
available represent only a skewed subset of the 
entire settlement population. Typically settlements 
are not disclosed. Organizations are obligated to 
disclose settlement data only when the settlement 
will have a significant financial impact on the overall 
organization. This means that in general only large 
settlements are made public. We will discuss later in 
the “Settlement Analysis” section hereafter how to 
assess the settlement average of the entire popula-
tion, rather than the average of the skewed sample 
set of publicly available data.

The final information mining exercise comprised 
gathering revenue figures for each company in our 
list of cases that was sued for patent infringement. To 

most accurately compare company revenues and liti-
gation outcomes, it was necessary to determine spe-
cific revenue figures for the particular year in which a 
company was sued. For example, Apple, Inc. was sued 
for patent infringement in 2005, 2006, and again in 
2007. It was therefore important to determine how 
Apple’s revenue numbers changed over the span of 
three years to reflect the true relationship between 
the outcome amount and company size. For publicly 
held companies, revenue information was readily 
available from the SEC EDGAR website. Revenue 
information for private companies is not typically 
disclosed and therefore our database is comprised 
mainly of publicly held companies. Any private com-
panies represented by our data have either disclosed 
their revenue figures or third-party estimates were 
used in place of official figures in Table 5.

Because the outcome of actions against high-
revenue companies varied widely from hundreds 
of thousands to hundreds of millions of dollars, 
we elected to express the relationship in terms of 
outcome-over-revenue compared to revenue rather 
than showing a direct correlation between outcome 
and revenue. Taking the data as a whole, there is 
a very clear correlation between this ratio and the 
outcome of litigation. Figure 2 represents every 
settlement and judgment data point mapped against 
revenue on a logarithmic scale. A logarithmic scale 
is useful to mitigate the wide range of company sizes 
that populate our database. This chart also shows the 
distribution of judgment and settlement amounts 
clustered within discreet buckets of revenue.

Judgment Costs
As a starting point, it was first assumed 

that the outcome of patent infringement 
cases finally adjudicated would be bino-
mial–either the plaintiff wins or loses. 
However, after looking at the distribution 
of judgment amounts, it has been deter-
mined that the data points are aligned on 
a normal distribution curve. The results 
are shown in Figures 3 and 4: the first 
graph shows judgment amounts along 
the normal distribution curve, while the 
second graph shows the normal distribu-
tion of the ratio of judgment amounts to 
revenue per year. 

After analyzing the distribution of data 
points, the judgment and settlement 
outcomes were divided into distinct 
buckets based on the annual revenue 
of the defendant. It was determined 
that four groupings would maximize the 

Table 4. Settlement Data

Number of 
Data Points Mean Median Minimum Maximum

82 60.57 8.75 .09 750

Table 5. Revenue Data

Number of 
Data Points Mean Median Minimum Maximum

140 16,433 1,703 .05 118,928

Figure 2. Judgment And Settlement Data 
Against Revenue Scaled Logarithmically
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correlation between revenue and the 
magnitude of the outcome (see Table 6 
and Figure 5).

After grouping the data points into 
buckets, the average judgment was calcu-
lated for each bucket with a significantly 
higher correlation. This means that the 
data was normally distributed within 
a revenue bucket centered around the 
average. We then used the averages of 
each bucket to calculate the best fit curve 
that traversed these data points. The high 
correlation in each bucket meant that 
the data was evenly distributed within 
each bucket and could therefore be rep-
resented by its average and would align 
nicely on a best fit curve. Because the 
average data points were tightly aligned 
between buckets, the curve showed an 
increasing rate of exposure while main-
taining a high R2 correlation. The results 
are shown in Figure 6. 

As a result we concluded that the 
Average judgment of a company was 
reasonably represented by the equation 
in Table 7.

To validate these equations, we first de-
termined that the overall correlation was 
just under 0.5. Because the data is closely 
aligned within the four revenue-buckets, 
correlation within each bucket was also 
calculated. While the data points were 
in general tightly aligned, each bucket 
contained outliers that had the effect of 
distorting the effective correlation. To 
compensate for these outliers, the two 
data points furthest removed from their 
expected value within each bucket were 
disregarded. For example, in the larg-
est bucket, a $1.5 billion judgment was 
recorded against a company with annual 
revenues of $54 billion. The expected 
value of this judgment was $231 million 
dollars, which is only about 15 percent of 
the actual outcome. 

The values demonstrate a markedly 
higher degree of correlation within the 
middle two buckets compared to the 
bucket with the largest and smallest 
revenues. First, this can be attributed 
to the high variability of outcomes in the 
largest bucket. After excluding the two 
most extreme data points, outcomes in 

Table 6. Judgment Data By Bucket

Revenue 
Bucket $0-$80M $80M-$800M $800M-$5B >$5B

Mean 
(Judgment)

6.75 20.53 55.04 168.64

Figure 3. Probability Distribution 
Of Judgment Awards
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Table 7. Judgment Estimate
 (x= annual revenue in Million US$)

Judgment J(x) = 1.0232 Revenue.5
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this data set range from $6.5 million to 
$512 million for companies of revenue 
greater than $5 billion. The average 
calculated judgment amount within this 
bucket is $192 million, which represents 
the expected outcome in general but is 
not a good approximation of extreme 
cases. Second, within the smallest data 
set, the outcomes range from $630,000 
to $6.5 million. While these outcomes 
do not appear extreme compared to the 
other buckets, when compared to the 
relatively small revenues of the defen-
dant companies, the extremes greatly 
affect the correlation within the bucket. 

We finally compared the R square for 
the equation derived from the entire data 
set (0.38) and found out that by using 
the buckets approach we obtain a higher 
R square (0.49). The explanation behind 
the result stems from business facts. The 
division in several buckets seems tied to 
the fact that large organization attract 
more litigation of diversified nature 
than smaller organization. For example 
non-practicing entities rarely pursue 
organization that falls in the lower 
buckets. Large organization will assert 
their IP rights against smaller organiza-
tion both as an IP protective measure 
mostly. While small organization may 
assert their IP right both as a means to 
generate revenue and to protect their 
intellectual assets. By analyzing the 
possible scenarios one finds a distinct 
behavior towards litigation by bucket. 
Settlement Costs

Settlement costs were a more complex 
to assess for several reasons. The most 
important one was that settlements were 
not all publicly available. The only data 
that is made public are Settlements that 
are fiscally material to an organization. 
This leads us to conclude that, within a 
bucket, these settlements are the larger 
end of the settlement range. This means 
that we only have access to a skewed set 
of data. The calculated average results of 
the skewed data set are shown in Table 8. 

Using the same approach as the one 
followed with the judgments and given 
the averages per bucket the best fit curve 
for “Hi End” settlements can be approxi-
mated by the function shown in Table 9.

Figure 6. Average Judgment Data Per Bucket
 And Estimated Judgment Amounts
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Figure 5. Judgment Data And Bucket Averages 
(logarithmic x and y-axis)
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Table 8. Publicly Available Settlement Data 

Revenue 
Bucket $0-$80M $80M-$800M $800M-$5B >$5B

Mean 
(Settlement)

4.63 12.09 129.56 153.23

Table 9. Hi End Settlements Estimate
 (x= annual revenue in millions of dollars)

“Hi End” Settlement S
HI

(x) = 0.2786 Revenue0.545
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Our objective though, is to estimate the entire 
population settlements, not only the average of the 
data we collected. To achieve our goal, we assumed 
that, similar to judgments, settlements follow a 
normal distribution; our challenge is to measure the 
“actual average” (μ) from a set of data that represents 
only the tail end of the distribution in Figure 7.

The normal distribution is described by 

where f(x) is the probability and x is the size of the 
company, μ is the mean and σ the standard deviation.

In order to figure out how far down the “right 
tail” of the curve was our representative sample we 
counted the number of cases that ended in a settle-
ment via PACER and compared that number to the 
data we were able to collect for each one of those 

settlement cases. We noticed that we had gathered 
just under 15 percent of the cases that ended in set-
tlements. Based on this data we made an assumption 
that we were covering all the data beyond 1 standard 
deviation, σ (or 15.7 percent of the data). From the 
distribution of the data in the tail end of the normal 
distribution curve, we can retrace the entire curve 

using Gaussian function:
To calculate the actual average, μ = α * μ1 as a 

function of the measured high end average, we use 
the following element: The high end average μ1 is 
located 1/3 of the way between 1 σ and 3 σ. In other 
words μ1 = μ + 1.666σ.

This conclusion can be derived either by measuring 
the area under the cumulative probability curve φ(x) 
below between x = σ → ∞ and equating it to 15.7%

   for x= −∞−> σ  φ(x) = 100% –15.7% = .843

This can be approximated by a triangle the base of 
which spans from 1σ to 3σ. See Figure 8.

By calculating the area under the curve and dividing 
by the average μ1 we can obtain the location of this 
average. The calculation shows that this point is at 
1/3 of the distance between 1σ and 3σ. This leads to 
the conclusion that we can approximate the average 
μ1 = μ + 1.666σ. Thus,

    σ = 0.6 * (1 − α) μ
If we replace σ in the cumulative distribution func-

tion φ(x) and solve the equation for the Settlement 
data, we obtain:

In other words we can approximate the actual 
average of the entire population of settlements by 
calculating the high end settlements and multiplying 
the estimated result by α. It goes without saying that 
this is only an estimate and it applies to the sample 
data we analyzed under the assumption that the 
distribution of the entire Settlement population is 
normally distributed. This means that we can use the 
Hi End estimates and multiply these estimates by α 
to measure the estimated Settlement for the entire 
population. See Table 10. 

Figure 8. Tail End Of The Normal 
Distribution Curve

1 2 3 4

Figure 7. Normal Distribution Curve
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Litigation Costs 
Next, it was desirable to determine the total litiga-

tion costs associated with a patent infringement trial. 
The litigation costs of an average patent infringement 
case will typically run between $3 million and $10 
million over two or three years of litigation. This 
high cost of litigation is one factor that motivates 

parties to reach an agreement out-of-court, avoiding 
years of uncertainty and expense. A more detailed 
study, performed by the AIPLA, found three distinct 
buckets of infringement actions yielding different 
costs of litigation depending on the Total Damages. 
See Figure 9.

In our exposure model, we were interested in 
quantifying the cost of a litigation based on the size 
of the company. Given that there was a tight link 
between the size of the company and the size of 
the judgment, i.e. a small company with revenues of 
$100M could not be assessed damages of the same 
amount, while for a company of several billion dol-
lars a judgment of $100M is not uncommon. Based 

on the fact that the bigger the company 
the larger the possible judgment cost will 
be, we transposed the data from damages 
to company size measured in revenues.

Using these data and their middle 
points we have derived the best fit curve 
to be in Table 12.
Discussions
• Post litigation settlements

While some data may sound redundant 
as a settlement occurred post verdict, we 
consider that the extent of the exposure 
of the company has been the amount of 
the judgment. 
• Average versus Maximum Exposure

It can be argued that using averages 
does not reflect the exposure of a compa-
ny. Instead of the average, the maximum 
envelope should be used as companies 
should shield themselves against the high 

risk events. While this argument has its merit, there 
are two elements to bear in mind:

a. The purpose of this exercise is to characterize the 
exposure and obtain some metrics around its order 
of magnitude for an organization. It is by no means 
intended to provide a specific value to exposure.
b. While a company may be exposed to a high risk 
event every year, over the long run it should not 
be subject to a high risk event repeatedly year after 
year. In other words, on an aggregate basis and 
over several years, using the estimated exposure 
of a company should better reflect the company’s 
exposure than using its maximum exposure. 

• Limitations of this model
This model was built for the software industry 

where there is very little benchmark on patent li-

Table 10. Settlement Estimate
 (x= annual revenue in Million US$)

Entire Population 
Settlement

S(x) = 0.185 Revenue0.545

Figure 9. AIPLA Report On Litigation Costs
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Table 11. Litigation Costs 
By Company Size

Total 
Damages

<$1M $1M - $25M >$25M

Litigation 
Cost

$.5M $2M $4M

Company 
Size

<$80M $80M - $800M >$1B

Table 12. Litigation Costs Estimate
(x= annual revenue in millions of dollars)

Litigation Cost = 0.1678 Revenue0.388
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censing. It is not clear that the model can be applied 
to other industries or sectors without significant 
modifications. It is important to note that while the 
model may not be applicable to other industries, the 
methodology used is independent of the industry and 
can be repurposed.
• Exposure versus Revenue

The exposure by itself has very little meaning for 
a company. What is pertinent is its impact on profits. 
Every company strives to achieve a certain level of 
profitability, often measured as a ratio of its income. 
Quantifying Exposure is meaningful when it is re-
lated to the size of the company. In other words, an 
exposure of $10M is significant for a company with 

revenues of $80M and profits of $8M as this exposure 
can mean the difference between profitability and 
“dipping in the red.” While the impact on a company 
of $8B with profits amounting to $80M,the impact 
is significantly less.
Web Application

 A web-based SaaS application has been created 
based on the findings and observations discussed 
above. The application allows a user to input company 
information, including annual revenue, growth rate, 
and recent litigation history, and returns various in-
formation related to patent infringement risk analysis 
(Figure 10). 

The first group of data returned by the application 
is the result of prior litigation faced by 
similarly situated companies (Figure 
11). The mean, median, maximum and 
minimum judgments and settlements 
of companies from within the same 
revenue-bucket are displayed. This helps 
give the user some feel of what their best 
or worst-case scenarios may be. Likewise, 
the mean and median outcomes make the 
user aware of what the most likely range 
of outcomes may be.

The next figure displayed is the com-
pany’s estimated annual exposure. The 
following formula is used:

First it is important to point out that in order for the 
results to make any sense it is necessary to normalize 
them. This way we can compare revenues (R) with 
number of patents (P), etc. All the subsequent dis-
cussion in this section refers to the normalized data.

Figure 11. Exposure Analysis Screen

Figure 10. Data Entry Screen

Estimated 
Annual 

Exposure
R * G * L * C * 1/(P+P

L
/2+P

A
/3)

R Annual revenue in millions of dollars

G Annual revenue growth rate as a percent

L
Number of patent infringement actions 
brought against the company in the past 
2.5 years

P Number of patents held by the company

P
L

Number of patents licensed to the 
company

P
A

Number of active patent applications 
held by the company

C This number reflects the distribution of 
patents across various class codes
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In order to determine the magnitude of risk, first 
the company’s annual revenue (R) is multiplied by 
a fraction of the company’s annual growth rate (G). 
This takes into consideration smaller companies that 
may be growing at high rates, placing themselves on 
the radar or potential litigants. The next factor con-
sidered is the distribution of the company’s 
patent portfolio among the various class codes. 
A company with a more diverse portfolio is 
always better protected from threats of litiga-
tion than a company with patents isolated in 
a single class code. Next, the rate of patent 
litigation suites brought against the company 
(L) is included to determine who many suites 
are likely to be brought against the company. 
We then take into account the portfolio distri-
bution over various class codes (C). A portfolio 
offers more coverage as it is better spread 
over various class codes. A portfolio focused 
on a single class code will leave the company 
with a higher exposure than a portfolio that 
spans several class codes. Thus, the higher the 
concentration in a class code, the higher the 
overall exposure. These factors are then di-
vided by the strength of the company’s patent 

Figure 13. Litigation Database Search Screen

Figure 12. Risk Meter

portfolio, including the number of U.S. patents, the 
number of U.S. patent applications, and the number 
of assets licensed from third parties, since the larger 
amount of patents will yield a lower exposure. (Note 
that since this is based on a statistical distribution, 
there is no measure of the quality of the portfolio 
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other than taking into account its concentration). We 
use in the software the weighted sum of the patents 
owned by the company (weight 1), the number of 
applications submitted (weight 1/3 as we believe that 
some of the applications will be denied) and finally 
the number of licensed patents (weight 1/2 as they do 
not have the exclusivity aspect of an owned patent). 

In order to best represent the risk to a particular 
company, it is necessary to compare the magnitude 
of risk to the size of the company based on annual 
revenue. The risk of a 10 million dollar judgment 
is of much greater impact on a small software firm 
compared to a multi-billion dollar corporation like 
Microsoft or Google. With this in mind, we developed 
a revenue exposure meter (Figure 12) which would 
display the overall exposure to a company in relation 
to their overall revenue. This allows a company to 
look at the output of our formulae and determine the 
immediate impact on their company. The application 
also provides access to the underlying data through a 
standard single field search interface (Figure 13) or 
through an advanced search and reporting capability 
(Figure 14). ■

Appendix: Application user’s guide
Company Information

Use the forms on this page to enter basic company 
information. This information is used to analyze your 
company’s risk of patent related litigation, predict the 
likely magnitude of an infringement-related judgment 
or settlement, and identify problematic gaps in pat-
ent coverage.

Company: Enter your company name or ticket 
symbol

Industry: Select the industry 
most relevant to your busi-
ness
Revenue: Enter your total 
annual revenue in millions 
of dollars
Growth: Enter your com-
pany’s growth as a percentage 
of annual revenue
Competitors: Select up to 
three competitors from your 
industry for portfolio com-
parison
Litigation/year: Enter the 
number of recent patent 
infringement suits brought 
against your company.

Risk Analysis
Similar Judgments: This section displays judgment 

information against companies with similar annual 
revenues. The median, average, and largest judgment 
are derived from a litigation database comprised of 
similarly sized companies. The estimated judgment 
size is calculated with respect to a company’s annual 
revenue based on litigation trends observed in the 
software industry. The coefficient of determination 
is equal to 0.9991.

Similar Settlements: This section displays settle-
ment information against companies with similar 
annual revenues. The median, average, and largest 
judgment are derived from a litigation database 
comprised of similarly sized companies. The esti-
mated settlement size is calculated with respect to a 
company’s annual revenue based on litigation trends 
observed in the software industry. The coefficient of 
determination is equal to 0.9824.

Cost of Litigation: This section includes the sum 
of estimated attorney’s fees and other related litiga-
tion expenses based on the revenue of a company. 
The coefficient of determination is equal to 0.9262.
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